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lessig (at) dgp (dot) toronto (dot) edu
I am a PhD candidate at the Department of Computer Science at the University of Toronto. My supervisor is Eugene Fiume. I received a Bachelor of Science in media systems from the Bauhaus University in Weimar, Germany. I worked there with the Virtual Reality Systems Group under supervision of Bernd Fröhlich.

My research focuses on the development of new techniques to efficiently solve the light transport problem in computer graphics. I am particularly interested in alternative mathematical representations and how these can be implemented on graphics hardware. These techniques are often also useful in other areas such as computational physics.
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Blocks And Threads
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» » ’EI—:_‘,
JP#E, K72 En/2~Block.
dim3 block_num (Row>>1, 1, 1); //Row stands for the row of the matrix
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reduce bank—conflict and waiting time

®if(THREADS _NUM>=512) { if (tid < 256) { valuel[tid] += valuel[tid + 256];} _ syncthreads();} \
if(THREADS_NUM>=256) { if (tid < 128) { valuel[tid] += valuel[tid + 128];} _ syncthreads();} \
if(THREADS_NUM>=128) { if (tid < 64) { valuel[tid] +=valuel[tid + 64];} _ syncthreads();}\
if(THREADS_NUM>=64) { if (tid < 32) { valuel[tid] += valuel[tid + 32];\

valuel[tid] +=valuel[tid + 16];\

valuel[tid] +=valuelftid+ 8];\

valuel[tid] +=valuel[tid + 4];\

valuel[tid] +=valuelftid + 2];\

valuel[tid] +=valuelftid+ 1];}}
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实验方法
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实验方法
本文先通过随机生成0-100内随机矩阵，反复测试12次取平均值，去掉最大值、最小值，取剩余10次的平均值即为所得结果。避免由于某次时间过好或者过坏影响测试结果。
所有实验数据均采用单精度浮点运算数（single-precision ），IEEE32位浮点数值的形式。
由于GPU的内存带宽可高达140GB/s，与单边Jacobi迭代消耗的时间相比可忽略不计，因此，下文中所测得T1070处理SVD的时间不包括对待处理矩阵拷贝至显存以及所得结果拷贝至内存时间。对矩阵的按列范数预处理在GPU中进行，时间计算在内。
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1.由于Jacobi旋转算法比基于双对角QR算法的SVD具有更高的准确性，
我们在考虑用单精度计算，如果成功将到达Matlab100倍以上，MKL10倍以上的提速。
2.Fermi时代，其双精度浮点运算能力达到500Gflops以上，我们的程序加速比会更加明显。


研究方向：
1.基于Multi-GPU的SVD算法。
2.基于GPU的Tensor-SVD算法。
3.基于GPU的SVD加速算法。
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